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THE COLD-START PROBLEM APPROACH

Users who have not a single or only very
few item interaction data (e.g., ratings)

e IPS-based Recommender

e Unpersonalized recommendation

(e.g., MostPopular) There exist a number of easily attainable technologies, or indoor positioning systems
, to track indoor locations. Among them, uetooth Low Energy) beacons have
(IPS), to track indoor locati A th BLE (Bluetooth Low E ) b h

e Personalized recommendation when a gained importance and popularity, especially after Apple introduced the iBeacon protocol.
minimum number of user-item
interactions is available

— For example, Matrix Factorization ¥ Beacons
fails in "extreme" cold-start settings Beacc:lns e:ire can divide
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when there are no item interactions easy to attach a physical

area into
e Interaction surveys (e.g., MovieLens): (€.g., awall) abstract

zones
— Users need to fulfill a predetined

number of interactions before

getting recommendations Energy efficient at

— It is often annoying and hard to low cost
immediately come up with a
representative list of item ratings
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TEST SETUP
Foursquare dataset:

ATtems |1,143,092|| #Users |2,153,471 Recommend using
# Ratings | 2,809,581 || #Check — Ins | 1,021,970 — o S

Cold-start setup: = My Schedule | Now | ees
Thg interactions of all users that interacted with SN — Collected raw Constructed
10 items (= 2,783 out of 2,153,471 users) were put S el location data location network
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into the test set to be predicted. and data inte...
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PRELIMINARY EVALUATION

Evaluation with respect to nDCG using the FourSquare dataset:
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